As organizations increasingly invest in voice Al technology, the usual emphasis often falls on tone and customer
sentiment metrics, overshadowing the foundational question: how accurate and reliable is the voice agent at
executing tasks? Drawing on insights from industry leaders like Suprmind.ai, the latest Gartner reports, and real-
world implementations at companies such as Air Canada, this post explores why voice Al failures are often
systemic rather than purely model-driven, and what actionable metrics truly matter to track accuracy and

trustworthiness in voice Al deployments.

Beyond Tone: The Challenge of Voice Al Accuracy

Traditional contact center Al metrics often focus on how “natural” or “empathetic” the voice agent sounds. While
these metrics are valuable for customer experience, they miss the bigger picture — voice Al is fundamentally about
system integration and task execution. Failures caused by missing validations, incomplete knowledge retrieval, or

botched API calls can severely degrade performance regardless of how well the Al's tone is tuned.

As Suprmind.ai highlights, voice agents don't just fail because a language model hallucinated or misunderstood
input. Instead, failures occur at various operational breakpoints — each a potential weak link contributing to

unsatisfactory customer outcomes.

The Seven Breakpoints Where Voice Al Systems Can Fail

Understanding where accuracy errors arise requires a holistic view of the voice Al architecture. Drawing from both

industry experience and research, here are the seven critical breakpoints where voice Al systems suprmind can fail:

1. Hearing (Speech-to-Text): The quality of speech recognition impacts the downstream process. Misheard
intents cause errors even before language models engage.

2. Retrieval: If the agent relies on static or dynamic knowledge sources, retrieval accuracy is critical. Retrieval-
augmented generation (RAG) methods help, but they must be carefully monitored for freshness and

relevance.

3. Generation: The core language model produces responses. Errors like hallucinations or unsupported claims
usually stem from this stage.

4. Tool Call (API Interactions): Invoking external services like an order management APl demands precise input
and validation to avoid failed or incorrect transactions.

5. State Management: Maintaining the correct conversational context and customer state ensures continuity
and correctness over multi-turn dialogues.

6. Authority: Determining whether to trust a generated response or defer to verified knowledge or escalation
triggers.

7. Verification: High-precision confirmation of entities before performing lookups or writes safeguards against

critical mistakes.

Why is This So Important?

Air Canada, which implemented voice Al for passenger assistance, found that over 40% of issues stemmed from
failures beyond generating fluent language — particularly in retrieving accurate booking information and

completing changes through backend APIs. The Al's tone was positive, but the accuracy was undermining trust.


https://suprmind.ai/hub/insights/voice-ai-hallucinations/

Key Metrics to Track for Voice Al Accuracy

Want to know something interesting? to move beyond tone analysis and better manage these breakpoints, here

are three core accuracy-focused metrics companies must adopt:

Metric What It Measures Why It Matters How to Track Unsupported Claim Rate Frequency of Al-generated
statements or promises not backed by verified data sources. Highlights hallucinations or fabrications during
generation, tracking model overconfidence. Cross-check responses against trusted databases or knowledge bases
(e.g., using RAG). Entity Error Rate Rate of mistakes in recognizing, confirming, or manipulating key entities like
account numbers or flight details. Critical for preventing transaction errors and misrouted requests. Confirm entity
captures with forced user verification before API calls; audit logs for mismatches. Missed Escalation Rate
Instances where the Al failed to escalate to human agents in complex or uncertain situations. Ensures proper
fallback pathways preserve service quality and legal compliance. Track system flags, confidence scores, and manual

quality reviews for omitted escalations.

Implementing These Metrics Effectively

¢ Use Retrieval-Augmented Generation (RAG): Combining the language model with real-time access to

curated knowledge repositories helps reduce unsupported claims by grounding responses.

* Leverage APIs for Live Customer Data: Tools like order management APIs must be tightly integrated with
strict entity validation to fetch or modify customer-specific information accurately.

¢ Enforce High-Precision Entity Confirmation: Before triggering any backend lookups or writes, the system
should verify critical details with the customer (e.g., repeating a flight number aloud) to reduce error
propagation.

¢ Regularly Audit and Update Knowledge Sources: Stale or incomplete static knowledge bases lead to

retrieval errors — continuous improvement is necessary.

Why Vendors’ “Temperature” Fix Is Not Enough

Gartner recently cautioned enterprises about common misconceptions around tuning language model
“temperature” settings. Lowering temperature might reduce fanciful answers but doesn't address root causes like
incomplete knowledge retrieval or missing entity validation. Vendors blaming model hallucinations often overlook

systemic process errors logged by tooling frameworks.

Supporting this nuanced view, Suprmind.ai emphasizes developing “guardrails” that span from accurate speech

recognition through to authority validation, instead of solely tweaking model parameters.

Summary: Accurate Voice Al Requires System-Level Metrics, Not Just
Tone Tracking

Accuracy in voice Al is a multifaceted challenge that involves much more than a pleasant voice or empathetic tone.
By tracking unsupported claim rate, entity error rate, and missed escalation rate, organizations can diagnose
failures across the entire voice Al pipeline — from hearing, retrieval, generation, to external tool calls and

verification.

Implementing retrieval-augmented generation techniques alongside robust APIs such as order management

systems, paired with precise user confirmation strategies, creates trustworthy, customer-centric voice Al systems.



Companies like Air Canada have already demonstrated the impact of shifting focus from tone metrics to systemic
accuracy, and Gartner's latest research reinforces this evolution as a best practice. If you are measuring voice Al
success solely by sentiment or tone, it's time to upgrade your metrics — because tone without truth is just a

polite failure.




