In the fast-evolving world of large language models (LLMs), tracking real progress can be surprisingly tricky.
Recently, Baidu's Ernie 5.0 made headlines for hitting #9 on LMArena's text leaderboard, gaining attention as a
serious contender among more familiar names like Claude and ChatGPT. Yet, if you check the official ledger of
publicly verified LLM releases, Baidu’'s impressive feat isn't reflected — it's still not in ledger yet. Why the

disconnect?

This article unpacks this tension by exploring how strict verification standards, model testing methodologies, and
accelerated but nuanced release cadences since 2023 shape what we see in public leaderboards versus official
tracked rollouts. We'll look into concepts like blind-vote preference testing, benchmark contextualization, and
shrinking gains over time. Plus, we'll discuss practical tools like the Suprmind multi-model workflow that help users

navigate the complex multi-LLM landscape.

Understanding “Not in Ledger Yet”

First, let's define the ledger. It's a curated timeline and database of LLM releases verified by publicly available,
independently reproducible evidence — typically involving clear, confirmed release dates, accessible APIs or apps,

and stable versioning that anyone can track.

Many models are announced months or even years before they're actually available to the public or incorporated
into third-party benchmarks. This leads to a “ghosting” effect: models like Ernie 5.0 with splashy announcements

but lacking transparent, open release mechanisms.

¢ Verified Release Dates vs Announcements: Announcements often serve marketing or investor purposes

and don't always correspond to public access or consistent API availability.

* Why Ledger Inclusion Matters: Analysts and developers rely on the ledger for accurate historical timelines

and unbiased model comparisons.

For example, Baidu's Ernie 5.0 has teased December 2025 snapshots highlighting planned improvements — but
these are prospective roadmaps, not current public releases. Without verified access or stable API endpoints, it

remains not in ledger yet.

LMArena’s Blind-Vote Preference Testing vs Traditional Benchmarks

LMArena is an innovative platform that emphasizes blind-vote preference tests rather than relying solely on
traditional benchmark scores. On its text leaderboard, LMArena ranks models by aggregating unbiased human

preferences across thousands of input-output pairs without showing model identities during evaluation.



This differs fundamentally from benchmarks like MMLU or HELM, which provide task-based accuracy metrics but

may not capture subjective qualities like style control or contextual nuance. Here's why that matters:

* Preference Testing Mimics User Experience: Blind votes reflect how users actually feel about model

outputs, blending correctness, fluency, style, and engagement.

¢ Benchmarks Are Context-Dependent: A model might top a factual QA test but fare poorly on creative or

conversational style metrics.

Therefore, Baidu's Ernie 5.0 reaching #9 on LMArena'’s text leaderboard highlights its ability to generate preferred
outputs in blind settings, but this doesn’t guarantee consistent performance across formal benchmarks or stable
user-facing APlIs.

Suprmind’s Multi-Model Workflow: Harnessing Multiple Titans in One Thread

One way analysts and users handle the fragmentation across models and platforms is by using tools like
Suprmind, a multi-model workflow coordinator. It integrates top models such as Claude, ChatGPT, Gemini, Grok,

and Perplexity into a single conversation thread, enabling side-by-side comparisons and composite workflows.

This approach acknowledges that no single LLM dominates all tasks and that preference varies by use case. For

example, in Suprmind'’s interface, you can:

® Test the same prompt against several powerful LLMs simultaneously.
® Blend strengths from each: Claude’s nuance, ChatGPT's factuality, Gemini's style control, Grok’s speed, and

Perplexity's knowledge retrieval.

Such workflows reduce reliance on single-model leaderboards or unverified announcements by giving users
practical, concurrent access to top-tier LLMs — something Ernie 5.0 lacks as it is not ledger verified and publicly

integrated yet.

Release Cadence Accelerating—But Gains Shrinking and Regressions
Rising
Since 2023, LLM release cadence has accelerated dramatically. Major providers now push out updates every few

months or even weeks:



® GPT-5.1 to GPT-5.2: Despite the rapid update, GPT-5.2 reportedly costs around 40% more than 5.1, as
cited by aifire.co in its notes.

* Smaller Incremental Gains: Each new release delivers less perceptible improvement in concrete tasks, a
classic case of diminishing returns.

* Regressions and Instability: Fast rollouts sometimes introduce subtle regressions in reliability, bias, or
inference speed.

These trends reinforce the value of focusing on verified releases with stable performance rather than chasing every
headline announcement or leaderboard jump. Baidu’s splashy Ernie 5.0 announcement might be promising, but
without robust, measurable data beyond Look at more info preference votes, it's insufficient to move the ledger

needle.

Contextualizing Benchmark Scores: Why “State of the Art” Is Always a
Moving Target

One frustration of mine is the overuse of the term “state of the art” without clear context. A model hitting #9 on

one leaderboard or topping a single benchmark dataset does not universally dethrone incumbents.
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Benchmarks vary widely by task, dataset, and evaluation criteria. A model's performance gains in one domain often

come at trade-offs elsewhere—style control, conversationality, factuality, or compute cost.

For instance, GPT-5.2's higher cost (~40% more than 5.1) means enterprises must weigh whether the marginal
performance uplift justifies the increased compute expense. Similarly, Baidu's Ernie 5.0 may excel in Chinese

language or emerging tasks, but lacks transparent billing or broad API access for enterprise adoption.

Table: LLM Release Snapshot Comparison (GPT-5.1 vs GPT-5.2)

Model Release Date Reported Cost Increase Key Improvements Known Regressions GPT-5.1 Mid 2023 Baseline
Better factuality, longer context Some output variability GPT-5.2 Early 2024 ~40% higher cost (aifire.co) Improved

style control, less hallucination Increased latency, regressions in rare languages

Conclusion: Patience and Rigor Are Key in Evaluating LLM Progress

Baidu’s Ernie 5.0 scoring #9 on LMArena is an encouraging signal, showcasing notable progress especially in blind-

preference tests. However, it's not in ledger yet because it lacks transparent, verified public availability and


https://suprmind.ai/hub/ai-models-index/

independent reproducibility of claims.

Release cadence acceleration means models ship faster but gains shrink and regressions rise, underscoring the
importance of verified release dates and stable APIs. Preference tests and benchmarks serve complementary roles

— neither alone tells the full story.

Tools like the Suprmind multi-model workflow let users pragmatically embrace multiple top models, providing a
nuanced view beyond leaderboards or announcements. Meanwhile, cost considerations (e.g., GPT-5.2's 40%

higher cost vs GPT-5.1) remind us that progress isn't free or just linear.

In the dynamic ecosystem of LLMs, distinguishing announcement hype from verified release, blind-vote preference
from benchmark scores, and headline rank from practical utility remains essential for savvy users and analysts

alike.
Notes:

Cost comparison cited via aifire.co LMArena leaderboard: https://Im.arena Suprmind workflow: integrates Claude,

ChatGPT, Gemini, Grok, and Perplexity in a single conversation thread.



